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EXPLORING THE OPPORTUNITIES AND CHALLENGES
OF ARTIFICIAL INTELLIGENCE IN FOREIGN LANGUAGE
LEARNING

This article examines the role of artificial intelligence in foreign language learning from a theoretical perspective. Rather
than focusing on specific tools or empirical outcomes, the study explores how Al-related practices interact with key concepts
in second language acquisition and language pedagogy. The primary aim of the research is to conceptualize the pedagogical
implications of Al integration and to clarify its position within established and emerging theoretical frameworks.

The study employs a qualitative analytical approach, drawing on comparative and interpretative analysis of contemporary
literature in applied linguistics, educational technology, and cognitive science. The analysis considers different types of Al
tools, including conversational agents, intelligent tutoring systems, and automated assessment, and discusses their pedagogical
functions at a conceptual level. Particular attention is given to how these technologies influence learner autonomy, feedback
processes, interaction patterns, and the distribution of instructional roles between human teachers and digital systems.

The results indicate that Al technologies significantly transform traditional models of language learning by enabling
adaptive, individualized learning trajectories, real-time feedback, and increased accessibility of learning resources. At the
same time, they introduce new forms of learner engagement and redefine the nature of interaction in educational contexts,
including human—machine and hybrid interaction models. The article also addresses key challenges associated with Al
integration, including ethical concerns, data privacy issues, risks of over-automation, and the evolving professional role and
responsibilities of the teacher.

1t is argued that Al should not be viewed solely as a technological solution, but as a complex factor that reshapes learning
environments and requires systematic theoretical interpretation. The study contributes to bridging the gap between rapidly
evolving technological practices and the theoretical foundations of foreign language learning. It concludes by outlining
directions for future research focused on underlying mechanisms, pedagogical limitations, long-term learning outcomes, and
sustainable models of Al-supported language education.
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autonomy, feedback.

Ipuna T'PUIIYK. IITYYHUA IHTEJEKT Y CACTEMI HABYAHHS
THO3EMHUX MOB: AHAJITUYHUA OTJIAJ MOXKJIUBOCTEMN
I BUKJIUKIB

Y emammi 0ocnioxcyemucs pons wimyynozo inmenekmy y npoyeci GUSYEHHs IHO3EMHUX MO8 3 MeOPeMUHOi NepCneKmuegu.
3amicme mozo, w06 30cepeddHcy8amucs Ha KOHKPEeMHUX IHCIPYMEeHmax uu eMnipuiHux pe3yivmamax, aemopu anaiizyoms,
K npakmuku, nog’azaui 3i 11, e3acmoditoms i3 KM0YOBUMU KOHYENYIAMU Opy20i Mogu ma nedazoeixu mos. Ocrnogna mema
00CHI0JHCeH sl NONA2AE 8 KOHYenmyanizayii nedazoeiunux Hacriokie inmeepayii LI ma ymounenHi 1io2o micys y mexcax sk
ycmanenux, max i HO8imHIX meopemudHux pamox.

Jlocniooxcenns 30ilicHene 3a 0ONOMO20I0 AKICHO20 AHAAIMUYHO20 NIOX00Y, W0 OA3YEMbCS HA NOPIGHSILHOMY MA iHmMep-
npemamueHoMy aHaLi3i cyuacHoi nimepamypu 3 NPUKIAOHOI TIH2BICMUKU, OCBIMHIX MEXHON02IU | KOCHIMUGHOI HayKku. Ananiz
oxonmoe pizui munu incmpymenmie LI, 6K10UHO 3 POZMOGHUMYU A2EHMAMY, THMELEKMYATbHUMU CUCTIEMAMU HABYAHHA ma
aABMOMAMU308AHUMU CUCIEMAMU OYIHIOBAHHA, MA PO32NA0AE IXHI nedazociuni yHKYii Ha KoHyenmyarvHomy pieni. Ocobnusa
yeaza npuoiNa€mucs 6NAUGY YUXx MexHoN02ill Ha AGMOHOMIIO YUHS, NPoYyecu 360POMHO20 36 A3KY, MOOeli 63A€MOOIi ma po3no-
Ol HABUATILHUX POJIell MIdC THOOUHOI0 MA YUPDPOBUMU CUCEMAMU.

Pesynemamu docnioscenna demoncmpyroms, wo mexuonozii LI cymmeeo mpancgopmyroms mpaouyitini Mooeni HaguaH-
HS MOBU, 3abe3neuyiouu a0anmueHi ma iHOUgi0yaLiz08ani Mpackmopii HaguanHs, ONePamueHuLl 360POMHUL 36 130K | wup-
wuti docmyn 00 0c8imuix pecypcie. Boonouac éonu cnpuyunaioms H06i (popmu 3a1y4eHHs YUHI8 i NepeoCMUCTIOI My NPUpooy
63a€MO0iT 8 OCGIMHLOMY KOHMEKCMI, GKIIOUHO 3 MOOETSMU TOOUHA—MAUUNA Ma 2iopudnumMu gopmamamu naguanns. Okpemo
NIOKpecomscs Ko4oel eukiuxu inmeepayii LI, 30kpema emuuni numarHs, npobiemu KOHGIOeHYitiIHoCmi 0aHUX, pusuxu
HaoMipnol asmomamu3zayii ma aminy npog@eciunol poni il 6i0n08idaIbHOCMI UKIAOAYA.

Aemopu nazonouyroms, wo LI ne cnio pozenadamu UKIIOUHO K MEXHONO0TYHUL THCIPYMEHM, a paoule sIK KOMNJIeKCHUL
YUHHUK, AKUL MPAHCHOPMYE HABUATIbHI cepedosuya ma nompebye cucmemHoi meopemuyHoi inmepnpemayii. J{ocrioxcenms
Cnpusic NOOONAHHIO PO3PUBY MIdIC WUOKO 3MIHHUMU MEXHONOTUHUMU NPAKMUKAMU A THeOPeMUYHUMU OCHOBAMU GUGHEHMHS
iHO3eMHUX MO08. Y 3a8epuienti OKpecieHo nepcnekmuu nooAIbUUX OO0CTIONCEHb, CHPAMOBAHUX HA BUBYEHHS PYHOAMEHMANb-
HUX MeXaniamie, nedazociuHux ooMedcenb, 00820CMPOKOGUX Pe3yIbMamie HaAGYaHHs ma CIMAaiux Mooeiell MOGHOI oceimu 3a
niompumru L1,

Kniouogi cnosa: wmyunuii inmenekm, 6U84eHHs [HO3EMHUX MO8, MOBHA OCGIMA, OCGIMHI MeXHON02Il, A8MOHOMISA YUHS,
360pOMHULL 38 "A30K.

@ ® © Hryshchuk 1., 2026 43
CrarTs nomuproeThCs Ha yMoBax JineH3ii Bigkpuroro goctyny (CC BY 4.0)



Haykosi npaui MixpezioHansHoi Akademii ynpasiHHsS nepcoHanom.

lledazoziyHi HayKu

ISSN 2786-7501 (Print), 2786-751X (Online)

Introduction. Artificial intelligence has
become an everyday reality rather than a tech-
nological concept associated with a distant
future [1]. Educational practices, including for-
eign language learning, now regularly involve
interaction with Al-based applications, such as
automated translation tools, adaptive vocabulary
trainers, pronunciation practice software, and
conversational chatbots [2, c. 45—47].

What was only recently perceived as experi-
mental or supplementary is increasingly being
integrated into both formal and informal foreign
language learning contexts [3]. This shift under-
scores not only practical questions of effective-
ness but also more fundamental theoretical con-
cerns regarding how the process of language
learning itself is understood in the era of intel-
ligent technologies [4, c. 12—13].

Traditionally, foreign language education has
been shaped by pedagogical models that empha-
size human interaction, cognitive development,
and sociocultural engagement [5]. Approaches
grounded in communicative language teaching,
constructivism, or second language acquisi-
tion theory position the learner at the center of
a dynamic process involving feedback, nego-
tiation of meaning, and contextualized language
use [6, c. 78-80].

The growing presence of artificial intelli-
gence, however, significantly challenges these
underlying assumptions [7]. When learners
practice communication with a chatbot, receive
immediate automated feedback, or follow a
personalized learning pathway generated by an
algorithm, the roles of the teacher, the learner,
and the learning environment itself are funda-
mentally redefined [8, c. 101-103].

The relevance of artificial intelligence in for-
eign language learning extends far beyond techno-
logical innovation [9]. It touches upon foundational
issues, including the balance between automation
and human guidance, learner autonomy, the nature
of interaction, and the criteria used to assess lan-
guage competence [10, c. 34; 11].

While research increasingly highlights the
potential advantages of Al — such as personaliza-
tion, scalability, and immediate feedback — there
is considerably less agreement on how well these
tools align with established theories of language
learning [12, c. 56-58]. Theoretical reflection
often lags behind technological development,
creating a gap between educational practice and
conceptual understanding [13].

It is precisely this gap that constitutes the
central scientific problem addressed in this arti-
cle [14].

Despite the growing volume of research on
Al-assisted language learning, theoretical per-

44

spectives often remain fragmented or implicit
rather than explicitly articulated [15, c. 22-24].
Many publications focus on specific tools or
classroom-based experiments without situating
their findings within a broader conceptual frame-
work [16]. As a result, artificial intelligence is
sometimes treated as a neutral instrument rather
than as an active factor shaping learning pro-
cesses, learner behavior, and pedagogical deci-
sion-making [17, c. 90-92].

Another dimension of the problem lies in the
tendency to present artificial intelligence either
in predominantly positive or predominantly crit-
ical terms [18]. On the one hand, Al is frequently
portrayed as a solution to persistent challenges
in foreign language education, such as large
class sizes, limited instructional time, and the
need for individualized feedback [19, c. 67—69].
On the other hand, concerns are raised about
excessive dependence on technology, reduced
human interaction, ethical issues, and the poten-
tial erosion of the teacher’s professional role
[20]. These polarized positions rarely engage in
sustained theoretical dialogue with one another,
which limits their explanatory power [21].

The absence of balanced theoretical discus-
sion becomes particularly evident in contexts
where artificial intelligence is introduced rap-
idly, sometimes without sufficient pedagogical
reflection [22]. Teachers and educational institu-
tions may adopt Al-based tools under the influ-
ence of external factors — such as digitalization
policies or market trends — rather than as a result
of informed theoretical analysis [23, c. 11-12].
This situation underscores the need for con-
ceptual inquiry that does more than list techno-
logical possibilities and instead examines their
implications for foreign language learning as a
complex educational process [24].

The article explores the opportunities and
challenges associated with the use of artificial
intelligence in foreign language learning from
a theoretical perspective [25]. It does not aim to
evaluate specific platforms or to present empiri-
cal data. Rather, its primary focus is to analyze
how Al-related practices intersect with key con-
cepts in language learning theory, examining
how artificial intelligence can realistically func-
tion in language training and where its limita-
tions become apparent [26, c. 140-142].

The main objective of the study is to offer
a structured theoretical overview that connects
artificial intelligence with both established and
emerging perspectives in foreign language learn-
ing [27]. This includes examining how Al-sup-
ported learning environments relate to concepts
such as learner autonomy, feedback, interaction,
and personalization [28, c. 75-77].
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The article also considers potential tensions
between algorithm-driven instruction and peda-
gogical principles that emphasize human agency,
creativity, and social interaction [29].

To achieve this objective, several specific
tasks are addressed. First, the article outlines the
conceptual foundations of artificial intelligence
use in educational contexts, with particular atten-
tion to language learning [30]. Second, it identi-
fies key opportunities associated with Al inte-
gration, including adaptive learning trajectories,
data-informed feedback, and expanded access to
language practice [31, c. 52-54]. Third, it dis-
cusses theoretical challenges, such as the risk of
decontextualized learning, limitations of auto-
mated assessment, and the redefinition of teacher
and learner roles [32]. Finally, the article exam-
ines how these opportunities and challenges can
be interpreted within a unified theoretical frame-
work rather than as isolated phenomena [33].

Although artificial intelligence is often asso-
ciated with technical terminology, the discussion
presented here is intended to remain accessible
not only to specialists in educational technol-
ogy but also to researchers, teachers, and post-
graduate students in the field of foreign language
education [34]. For this reason, the theoreti-
cal analysis avoids excessive technical detail
while maintaining conceptual depth [35]. This
approach reflects the view that theoretical reflec-
tion should support, rather than obscure, peda-
gogical understanding [36].

The significance of the article lies in its
attempt to bridge the gap between rapidly evolv-
ing technological practices and the theoretical
foundations of foreign language learning [37].
By addressing opportunities and challenges
within a single analytical perspective, the study
contributes to a more nuanced understanding
of artificial intelligence — not as a panacea or a
threat, but as a complex educational phenom-
enon [38, c. 88-90]. Such an understanding is
essential for informed decision-making in both
research and practice [39].

It can therefore be argued that artificial intel-
ligence has become an influential factor in foreign
language learning, prompting renewed reflection
on how languages are taught and learned [40].
The present article responds to this develop-
ment by offering a theoretical exploration of the
opportunities and challenges that Al introduces
into the field [41]. Through conceptual analysis
rather than technological evaluation, it seeks to
contribute to ongoing academic discussion and to
support a more reflective integration of artificial
intelligence into foreign language education [42].

Research Outcomes. Research on artifi-
cial intelligence in foreign language learning

has expanded considerably over the past two
decades, reflecting broader developments in
educational technology and applied linguistics.
Early discussions of technology-enhanced lan-
guage learning were largely situated within the
framework of computer-assisted language learn-
ing (CALL), where digital tools were primarily
viewed as supplementary resources supporting
classroom instruction [1; 2]. These early CALL
environments focused on grammar practice,
vocabulary drills, and reading comprehension,
offering eff101ency and consistency but often
receiving criticism for promoting decontextual-
ized learning and limited interaction.

As technological capabilities evolved,
researchers began to explore more intelligent
forms of computer-assisted language learn-
ing, commonly referred to as intelligent CALL
(ICALL). The central aim of ICALL was to
move beyond static content delivery by incorpo-
rating elements such as learner modelling, error
analysis, and natural language processing [3].
From a pedagogical perspective, ICALL systems
were seen as an attempt to address long-standing
concerns regarding feedback quality and learner
individualization, which had been difficult to
achieve in traditional CALL environments [4].

Within this line of research, feedback occu-
pies a particularly important position. Studies
on ICALL emphasize the potential of intelli-
gent systems to provide immediate and targeted
responses to learner input, especially in areas
such as grammar and writing. Automated feed-
back has been shown to support noticing and
self-correction, which are central mechanisms
in many theories of second language acquisition
[2]. At the same time, scholars have pointed out
that the effectiveness of such feedback depends
not only on its accuracy but also on its pedagogi-
cal relevance and contextual appropriateness.

The development of adaptive learning systems
represents another significant direction in Al-
assisted language learning research. Adaptive sys-
tems rely on user models and learning analytics
to adjust instructional content according to learner
performance, preferences, or progress over time
[5]. In the context of foreign language learning,
such systems are commonly applied to vocabu-
lary acquisition, grammar practice, and reading
activities. Empirical research suggests that adap-
tive learning environments can enhance efficiency
and learner engagement, particularly in self-paced
and autonomous learning contexts [6].

From a theoretical standpoint, adaptive
learning aligns with learner-centered pedagogi-
cal approaches that emphasize individual learn-
ing trajectories. However, concerns have been
raised regarding the extent to which algorithm-
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driven adaptation can capture the social and
interactive dimensions of language learning.
Language development is widely understood
as a process shaped not only by individual cog-
nition but also by interaction, mediation, and
participation in social practices [7]. As a result,
critics argue that adaptive systems may priori-
tize what is easily measurable over what is ped-
agogically meaningful.

Natural language processing (NLP) technolo-
gies play a central role in many contemporary
Al-based language learning applications. NLP
enables systems to analyze learner language,
generate feedback, and simulate aspects of
human communication. One prominent appli-
cation of NLP is automated writing evaluation,
where algorithms assess linguistic features such
as syntactic complexity or lexical diversity [8].
These tools are often presented as a means of
supporting formative assessment and reduc-
ing teacher workload, particularly in large-scale
instructional settings.

In recent years, conversational agents and
chatbots have attracted growing scholarly atten-
tion. Chatbots are typically discussed as tools
for increasing opportunities for communica-
tive practice, especially in environments where
access to proficient speakers is limited [9].
Research suggests that learners may experi-
ence lower levels of anxiety when interacting
with chatbots compared to human interlocutors,
which can encourage participation and experi-
mentation with language [10].

Despite these potential benefits, the commu-
nicative capabilities of current chatbot systems
remain limited. While chatbots can simulate dia-
logue at a surface level, their responses are often
constrained by predefined patterns or probabilis-
tic models. This limitation raises questions about
the depth and authenticity of interaction. From
a sociocultural perspective, meaningful language
learning is closely tied to interaction that is
responsive, intentional, and embedded in social
context [7].

Mobile-assisted language learning further
illustrates how Al-related technologies intersect
with issues of accessibility and learner auton-
omy. Mobile platforms increasingly integrate
adaptive algorithms and NLP-based features,
allowing learners to engage with language prac-
tice across contexts and timeframes [11]. How-
ever, the pedagogical implications of ubiquitous,
technology-mediated learning remain underex-
plored at the theoretical level.

Beyond individual technologies, the literature
reflects broader debates about the role of arti-
ficial intelligence in education. Some scholars
frame Al as a response to structural challenges
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such as large class sizes and limited instructional
time [12]. Others adopt a more critical stance,
emphasizing ethical concerns, data privacy, and
the risk of reducing education to algorithmic
optimization [13].

Despite the diversity of perspectives, theo-
retical integration remains limited. Many stud-
ies focus on specific tools without situating their
findings within a broader conceptual framework
[14]. Several scholars have therefore called for a
more theory-driven approach to Al-assisted lan-
guage learning [15].

Adaptive learning provides the third pillar
of the framework. Adaptive systems use learner
data to adjust tasks, pacing, difficulty, and feed-
back. In foreign language learning, this can mean
spaced repetition for vocabulary, targeted gram-
mar practice, pronunciation scoring, or individu-
alized reading levels. The promise of such sys-
tems is efficiency: learners spend more time on
what they struggle with and less time on what
they already know.

From a theoretical standpoint, adaptive learn-
ing can be interpreted as a modern extension of
differentiated instruction. It operationalizes the
idea that learners progress at different rates and
need different kinds of support. However, adap-
tive learning is also driven by measurement. It
requires that learning be captured as data. This
creates tension with broader views of language
competence. Many aspects of communicative
ability — pragmatic appropriateness, creativity,
intercultural sensitivity — are difficult to quan-
tify. As a result, adaptive systems may focus
on what can be measured rather than on what is
educationally most meaningful. This does not
automatically make adaptive learning problem-
atic, but it requires careful pedagogical interpre-
tation of what “personalization” actually means
in practice [1; 2].

The framework therefore views adaptive learn-
ing as a powerful mechanism for practice and
feedback in certain domains (lexis, form-focused
work, pronunciation features), while recognizing
its limits in capturing the full complexity of lan-
guage use. In other words, adaptive learning can
support parts of language development, but it can-
not define language learning as a whole.

Positioning Al within the framework: tool,
tutor, partner, or environment

Bringing these perspectives together allows
a more precise theoretical positioning of Al in
foreign language learning. Al can function in at
least four roles:

1. Tool: supporting tasks such as translation,
dictionary use, or error detection.

2. Tutor: providing instruction,
sequences, and corrective feedback.

practice
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3. Partner: enabling simulated interaction
through chatbots or role-play scenarios.

4. Environment: shaping the learning
ecology by structuring input, feedback, and
learner behavior.

Each role aligns differently with constructivist,
sociocultural, SLA, and adaptive learning
perspectives. This is why general claims such as
“Al improves language learning” are theoretically
weak. The question is not whether Al is beneficial
in general, but under what conditions it supports
meaningful learning processes and when it may
undermine them [3; 4].

By grounding the analysis in this integrated
framework, the article can examine Al-related
opportunities and challenges not as isolated
phenomena but as theoretically interpretable
patterns. This approach supports a balanced
discussion: Al is neither a pedagogical miracle
nor an educational threat by default. It is a
complex set of mediating technologies whose
value depends on how they interact with core
mechanisms of language learning.

Al Tools in Foreign Language Learning

Conceptual Level

Discussions about artificial intelligence
in foreign language learning often become
tool-centered very quickly. New platforms,
applications, and systems are described in
terms of features and performance, while their
pedagogical meaning is treated as secondary.
For theoretical analysis, however, it is more
productive to move from product descriptions
to conceptual categories. Instead of asking what
a particular tool does, it is more useful to ask
what instructional role it performs and what
type of learning interaction it creates. From
this perspective, Al applications in language
education can be grouped into several functional
types: conversational agents and chatbots,
intelligent tutoring systems, and automated
assessment tools. These categories overlap in
practice, yet each reflects a distinct pedagogical
logic.

Such a typology does not aim to classify
software rigidly. Many contemporary systems
combine elements from all three groups. Still,
distinguishing them analytically helps clarify
what kind of learning processes are being
supported and what theoretical assumptions are
embedded in their design [4].

Conversational agents and chatbots

Conversational agents are among the most
visible forms of Al in language learning. They
simulate dialogue and allow learners to practice
written or spoken interaction. Their appeal
is easy to understand: they are available at
any time, they respond immediately, and they

reduce the social pressure that some learners
feel in human conversation. For shy or anxious
learners, interacting with a chatbot can feel safer
than speaking in class.

From a pedagogical standpoint, chatbots
create a form of interactional space. Learners

produce language, receive responses, and
continue the exchange. This aligns, at least
superficially, with interactionist views of

second language acquisition, where meaning
negotiation and feedback are central mechanisms
of development. Yet the quality of interaction
deserves closer examination.

Human dialogue is shaped by intention,
misunderstanding, repair, and shared goals.
Chatbot dialogue is shaped by pattern
recognition and probabilistic generation. This
difference matters. A chatbot can maintain
conversational flow even when learner input is
unclear, grammatically weak, or pragmatically
odd. While this keeps the interaction going,
it may reduce the frequency of genuine
communication breakdowns — the very moments
that often trigger learning through clarification
and reformulation [5].

Research on dialogue systems for language
learning has long noted this tension. Early work
in intelligent CALL already experimented with
conversational programs but also documented
their limits in interpreting learner meaning and
providing context-sensitive feedback [6]. More
recent chatbot studies show positive learner
attitudes and increased engagement, but also
point to uneven linguistic accuracy and limited
discourse depth [7].

Another conceptual issue concerns feedback.
Some conversational agents primarily aim to
sustain dialogue and therefore avoid frequent
correction. Others interrupt interaction with
explicit feedback messages. Each design reflects
a different learning theory in practice: fluency-
first exposure versus form-focused guidance.
Neither approach is automatically superior, but
each supports different learning outcomes. For
theoretical analysis, chatbots can therefore be
viewed not simply as “practice partners,” but as
environments where interactional design choices
shape what learners notice and revise.

There is also a shift underway from rule-based
chatbots to large language model-based systems.
These newer agents produce more natural
responses and can handle broader topics. At the
same time, their pedagogical behavior is less
transparent. Teachers and learners often cannot
see why a particular correction or suggestion was
produced. This opacity introduces a new variable
into language pedagogy: learners may trust
feedback without understanding its basis. From a
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conceptual standpoint, this changes the feedback
relationship from dialogic to algorithmic.

Intelligent tutoring systems

Intelligent tutoring systems (ITS) represent
a different lineage of Al in education. While
chatbots emphasize interaction, ITS emphasize
guided progression. An intelligent tutoring
system typically models learner knowledge,
tracks performance, and selects subsequent tasks
accordingly. The system does not only respond;
it sequences instruction.

ITS research predates current Al enthusiasm
and has deep roots in educational technology.
Reviews of intelligent tutoring have shown that
well-designed systems can produce measurable
learning gains, especially in structured domains
[8]. In language learning, ITS approaches appear
in grammar tutors, pronunciation trainers, and
structured writing support systems.

Conceptually, ITS are built around three
internal models: a domain model (what is to
be learned), a learner model (what the learner
currently knows), and a pedagogical model
(how instruction is adapted). This architecture
is pedagogically significant. It means that
language is represented as a structured system of
elements that can be diagnosed and trained. Such
representation works relatively well for certain
aspects of language — morphology, syntax
patterns, controlled vocabulary — but less well
for open-ended communicative competence.

ICALL research has explored how learner
language can be parsed and interpreted
automatically in order to deliver targeted
feedback. Systems for grammar tutoring
and error diagnosis demonstrate that Al can
go beyond right/wrong scoring and provide
linguistically informed responses [6]. Still,
coverage remains selective. Natural learner
language is variable and creative, which makes
full diagnostic precision difficult.

From a theoretical angle, ITS align strongly
with adaptive learning principles. They
operationalize the idea of instruction within
a learner’s current competence range. In that
sense, they appear compatible with scaffolded
learning models. Yet an important difference
remains: pedagogical scaffolding in human
teaching is interactive and negotiable, whereas
ITS scaffolding is rule-driven. The learner
adapts to the system’s pathway more often than
the pathway adapts to the learner’s intentions.

There is also a motivational dimension.
Intelligent tutors frequently rely on micro-
tasks, progress indicators, and performance
dashboards. These elements can sustain
engagement, but they may also shift attention
from communicative purpose to task completion.
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Theoretical discussions of learner autonomy
suggest that such systems support self-paced
learning but not necessarily self-directed
learning. The distinction is subtle but important.

Automated assessment and feedback systems

A third major category includes automated
assessment and feedback tools. These systems
evaluate learner language and generate scores,
corrections, or suggestions. They are widely used
in writing evaluation, pronunciation scoring, and
grammar checking. Because assessment strongly
influences learning behavior, this category has
particular conceptual weight.

Automated writing evaluation (AWE) systems
illustrate both the potential and the limits of Al
assessment. Using natural language processing
and machine learning, such systems can estimate
writing quality and highlight linguistic features.
Research has shown that linguistic indicators
extracted automatically can correlate with
human ratings of writing proficiency [1]. This
makes automated feedback attractive for large-
scale or formative use.

At the same time, writing quality is not
reducible to measurable features alone.
Organization, argument strength, audience
awareness, and rhetorical appropriateness remain
difficult to score reliably by automated means.
As a result, AWE systems tend to emphasize
surface features and structural proxies. When
used uncritically, they may encourage learners to
optimize texts for the algorithm rather than for
communicative effectiveness.

Studies of automated writing feedback in
classroom contexts show mixed outcomes.
Learners often appreciate immediate responses
and revision suggestions, but teacher mediation
remains important for interpretation and
prioritization [2]. Conceptually, this suggests
that automated assessment works best as part
of a feedback ecosystem rather than as a stand-
alone judge.

Pronunciation assessment tools follow a
similar pattern. They provide instant scores and
visualizations based on acoustic comparison with
target models. These tools can increase practice
volume and awareness of phonetic detail.
However, pronunciation is not only acoustic
accuracy; it is also intelligibility in interaction.
Automated scoring systems do not fully capture
listener comprehension or communicative
adequacy. Here again, measurable performance
and communicative success are related but not
identical constructs.

A broader analytical issue concerns the
feedback loop created by automated assessment.
When feedback is constant and immediate,
learners may become correction-driven. This can
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support noticing but may also reduce tolerance
for ambiguity and experimentation. SLA
research has long emphasized that not all errors
require immediate correction and that delayed
or selective feedback can sometimes be more
developmentally effective. Automated systems,
by contrast, tend toward total coverage because
their marginal cost per correction is near zero.
Pedagogically, abundance of feedback is not
always equivalent to quality of feedback [3].

Convergence and hybrid systems

Although chatbots, intelligent tutors, and
automated assessment tools can be described
separately, current Al platforms increasingly
combine their functions. A single system may
host dialogue practice, adaptive sequencing,
and automated scoring within one interface.
From a conceptual perspective, this convergence
creates hybrid learning environments rather than
isolated tools.

Large-scale reviews of Al in education note
that such systems should be analyzed not only by
technical architecture but also by instructional
role and governance structure [4]. Questions arise
about transparency, data use, and pedagogical
control. Who defines learmng goals — the
curriculum, the teacher, or the algorithm? Who
interprets performance data? These questions are
no longer peripheral when Al systems become
central learning environments.

For foreign language education, the key
analytical move is to shift attention from
novelty to function. Whether an Al tool uses
simple pattern matching or advanced neural
models matters less pedagogically than how
it structures input, interaction, feedback, and
learner choice. A conceptual typology helps keep
this focus. It supports more precise discussion
of opportunities and constraints and prepares
the ground for evaluating Al integration against
established language learning theories rather
than against technological expectations alone.

Conclusion. The discussion developed in this
article set out to examine artificial intelligence
in foreign language learning not as a fashionable
technological add-on, but as a phenomenon that
interacts directly with established learning theo-
ries, pedagogical assumptions, and instructional
roles.

Instead of evaluating particular platforms or
reporting experimental outcomes, the analysis
stayed at a conceptual level and traced how Al-
related practices intersect with core constructs
such as interaction, feedback, learner autonomy,
mediation, and adaptation. Seen from this angle,
Al is not simply another tool in the classroom. It
functions as a structural influence that reshapes
how language learning environments are orga-

nized, how support is delivered, and how respon-
sibility is distributed between teacher, learner,
and system.

One theoretical contribution of this study lies
in reframing Al-supported language learning as
a layered pedagogical environment rather than a
single innovation. Across the previous sections,
Al tools were grouped conceptually into conver-
sational systems, intelligent tutoring structures,
and automated assessment mechanisms.

Another contribution emerges from placing
Al practices in dialogue with major theoretical
traditions instead of treating them as theory-neu-
tral.

Constructivist and sociocultural perspectives
emphasize meaning-making through activity and
interaction, while SLA frameworks highlight
attention, input, output, and negotiation of mean-
ing.

When Al systems provide instant correction,
generate prompts, or personalize input streams,
they participate in these processes in partial and
uneven ways. They can amplify feedback fre-
quency, but they cannot fully replicate socially
situated mediation. They can increase opportu-
nities for output, but not always for meaning-
ful negotiation. They can support noticing, yet
sometimes obscure underlying rules through
opaque scoring. Mapping these mismatches
helps avoid both exaggerated optimism and
blanket skepticism.

The analysis also clarifies that adaptation in
Al systems should not be automatically equated
with pedagogical personalization.

Algorithmic adaptation is typically driven
by measurable behavior: response speed, error
rates, completion patterns. Pedagogical person-
alization, in contrast, often depends on inter-
pretation, dialogue, and contextual judgment.
Treating these as equivalent leads to conceptual
confusion and inflated expectations. A more pre-
cise distinction supports more realistic instruc-
tional design.

Al can personalize pacing and difficulty with
high efficiency. It is less reliable at interpreting
intention, motivation, or communicative nuance.
Recognizing this boundary is not a criticism of
technology but a clarification of function.

The article further contributes by bringing
together opportunity and limitation within a sin-
gle analytical frame.

Discussions of Al in language education often
split into celebratory or cautionary narratives.

One emphasizes scalability, access, and effi-
ciency. The other stresses depersonalization,
bias, and over-automation. Keeping these strands
separate weakens both. When examined together,
they reveal tensions that are theoretically produc-
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tive. For example, automated feedback increases
immediacy but may reduce reflective processing.
Chatbot interaction increases practice opportuni-
ties but may simplify discourse patterns. Auto-
mated scoring increases consistency but may
narrow what counts as acceptable performance.
These tensions point to design questions rather
than yes-or-no judgments.

From a pedagogical perspective, the most sig-
nificant shift identified across the analysis con-
cerns the redistribution of roles.

Teachers are no longer the sole providers of
feedback, input selection, and practice control.
Learners are no longer dependent only on class-
room interaction for response and correction.
Systems now participate in instructional moves
that were historically human. This does not elim-
inate the teacher’s role, but it transforms it. The
teacher becomes more of an interpreter, media-
tor, and designer of learning trajectories in which
Al components are embedded. Theoretical mod-
els that ignore this redistribution risk describing
a classroom that no longer fully exists.

At the same time, the study argues against
viewing Al as an autonomous instructional
agent.

Across  theoretical traditions, learning
remains tied to interpretation, intention, and
social positioning. Al systems operate through
pattern detection and probabilistic output, not
pedagogical understanding. They can simulate
dialogue without sharing goals, generate correc-
tion without diagnosing causes, and recommend
tasks without grasping learner histories beyond
recorded traces. The theoretical implication is
that Al participation in learning environments
is instrumental and structural, not intentional.
Keeping that distinction visible prevents cate-
gory errors in both research and practice.

Accessibility of interpretation has been another
guiding principle in this article. Al in education is
often discussed in highly technical terms, which
can distance language teachers and applied lin-
guistics researchers from the conversation. By
translating technological functions into pedagogi-
cal categories — feedback timing, interaction type,
mediation depth, adaptation logic — the analysis
opens space for broader disciplinary engagement.
Theoretical reflection becomes more usable when
it connects system behavior to familiar learning
constructs rather than to engineering detail.

Several directions for further research follow
naturally from this conceptual groundwork. One
promising path involves closer alignment studies
between Al feedback types and SLA feedback
taxonomies.

Not all corrective feedback operates in the
same way, and automated systems currently
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blur distinctions between recasts, prompts, and
explicit correction. Empirical and theoretical
work that maps Al feedback onto established
feedback categories could sharpen both tool
design and evaluation criteria.

Another research direction concerns interac-
tion quality in Al-mediated dialogue. Current
systems can sustain exchanges, but the discourse
properties of these exchanges vary widely.
Future work could examine how Al dialogue
differs from peer or teacher interaction in terms
of negotiation moves, uptake patterns, and dis-
course complexity. Such research would help
clarify where Al conversation is pedagogically
equivalent, complementary, or insufficient.

There is also room for deeper investigation
into learner agency under conditions of algo-
rithmic guidance. Adaptive systems recommend
paths and next steps, but how learners interpret
and accept these recommendations remains
underexplored.

Research that combines learner perception,
decision-making, and system transparency could
illuminate when adaptation supports autonomy
and when it quietly reduces it.

Teacher cognition represents another impor-
tant area. As Al tools enter classrooms, teachers
develop working theories about their reliability,
usefulness, and risk.

Studying how teachers conceptualize Al sup-
port — whether as assistant, evaluator, or com-
petitor — can reveal how integration actually
unfolds. This line of inquiry connects technol-
ogy adoption with professional identity and ped-
agogical judgment.

Ethical and governance questions will likely
expand as Al systems become more embedded
in assessment and placement decisions. Concep-
tual and policy-oriented research is needed on
fairness in automated language evaluation, data
use boundaries, and accountability structures.
These questions are not external to pedagogy;
they influence trust, acceptance, and legitimacy
of instructional decisions.

Longitudinal perspectives are also needed.
Much current research focuses on short-term
interventions or pilot uses. Language develop-
ment, however, is extended and cumulative.
Studies that examine Al-supported learning over
longer periods could test whether early effi-
ciency gains translate into durable competence,
strategic awareness, and transfer across contexts.

Cross-context comparison offers another
valuable direction. Al-supported language learn-
ing appears differently in higher education,
school settings, corporate training, and inde-
pendent learning platforms. Theoretical models
should be tested against this diversity rather than
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built on a single context. Variation in goals, con-
straints, and learner profiles may significantly
affect how Al functions pedagogically.

Interdisciplinary collaboration will be espe-
cially important going forward. Work that connects
applied linguistics, learning sciences, human—com-
puter interaction, and educational data analysis can
produce more robust models than discipline-bound
approaches. Theoretical clarity improves when
multiple perspectives examine the same learning
event through different lenses.

Overall, the central claim emerging from
this study is that artificial intelligence should be
treated as a pedagogically consequential layer in
contemporary language learning environments.

It changes timing, scale, and structure of feed-
back and practice. It modifies how adaptation is
implemented. It redistributes instructional roles.
These changes deserve theoretical interpretation,
not only technical description.

Conceptual analysis helps distinguish what
is genuinely new from what is a new delivery
mechanism for familiar processes.

A Dbalanced theoretical stance neither
celebrates nor rejects Al as such. It asks more
specific questions: What learning mechanisms

are being supported here? Which are being
weakened? Where is mediation occurring, and
who controls it? Which forms of interaction are
expanded, and which are simplified? Framing
the discussion at this level supports more
careful research design and more responsible
pedagogical choices.

The field of foreign language education has
repeatedly adapted to technological change,
from language laboratories to multimedia
environments to networked communication.

Al represents another such shift, but one
that reaches deeper into decision-making and
feedback structures. That depth makes theoretical
engagement especially necessary. Conceptual
work of the kind developed here cannot replace
empirical research, but it can guide it — by
clarifying constructs, identifying tensions, and
sharpening questions worth testing.

The continuing task for researchers and
educators is not simply to decide whether to
use Al tools, but to understand how their use
reorganizes learning conditions.

Careful theory-informed analysis supports
that understanding and keeps pedagogical
purpose in focus while technology evolves.
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